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EFFECTS OF GENERAL AND PARTICULAR ONLINE HOTEL RATINGS 
 
The analysis of the effect of online review ratings on usefulness is a relevant topic today. 
Park and Nicolau (2015) find asymmetric effects in the restaurant industry so that 
negative reviews are more useful than positive ones, and that people perceive extreme 
ratings (positive or negative) as more useful than moderate ratings, giving rise to a U-
shaped curve. While the study of Park and Nicolau (2015) focuses on “general review 
ratings of restaurants”, we go a step further and analyze “general and particular review 
ratings of hotels”. Specifically, we examine “general ratings” and ratings for “value”, 
“location”, “sleep quality”, “rooms”, “cleanliness” and “service”. Tourism Alliance 
(2015) reports that for visitors to the UK accommodation is the second largest expenditure 
at £14.1bn, which emphasizes the importance of focusing on the hotel industry. 
The sample is obtained from Tripadvisor and consists of 5,499 observations. Specifically, 
six 4- and 5-star hotels located in London were selected after randomizing the order of 
the accommodation listings on TripAdvisor. Note that this study focuses on upscale (4*) 
and luxury (5*) hotels in order to control potential confounding effects, derived from the 
different levels of consumer expectations when considering varying hotel reputations, 
marketing and managerial issues (Park & Allen, 2013). The dependent variable is the 
number of online users who voted that the reviews were useful in response to the posted 
reviews. The independent variables are the star ratings for “general ratings” and ratings 
for “value”, “location”, “sleep quality”, “rooms”, “cleanliness” and “service”. The ratings 
are based on five star levels. We estimate three models for each rating: 1) A model with 
the variables “reviews” and “squared reviews” to detect potential non-linearities; 2) A 
model to detect potential asymmetries, with the star rating variable divided into two 
categorized variables (i.e., positive and negative reviews), with positive reviews being 4 
and 5 stars and negative reviews 1 and 2 stars; 3) A model where each level of the star 
rating is included through binary variables, where the midpoint rating (three stars) is used 
as the reference group. Finally, some control variables are employed: response from the 
hotel (a binary variable which takes 1 if the hotel responded to the review and 0 
otherwise); reviewer’s real name and real photo (two binary variables which take 1 if the 
reviewer shows his/her real name (and real photo) and 0 otherwise; and number of total 
reviews, number of hotel reviews and number of cities the reviewer has visited and 
reviewed, which are quantitative variables. 
The NegBin model (Negative Binomial Count Data Model) is proposed to analyze 
asymmetric effects of hotel reviews on usefulness. The NegBin model (Negative 
Binomial Count Data Model) is proposed to analyze asymmetric effects of hotel reviews 
on usefulness because the dependent variable is a discrete variable. Accordingly, the 
NegBin model avoids the estimation bias of regression analyses and the inefficiency 
problems of Multinomial Logit Models derived from the large number of alternatives that 
exist in this framework (number of votes). Tables 1, 2 and 3 present the results of the 
effects of online review ratings: general rating, rating for value, for sleep quality, for 
rooms, for cleanliness and for service. All the models show globally significant results (p 
< 0.01) by looking at the likelihood ratio and the parameter  is significant at 1% (p < 
0.001) in all cases; this finding reinforces the validity of model used as heterogeneity of 
tourist preferences is proven. 
[Insert Tables 1, 2 and 3 around here] 
Before testing the asymmetric effects of reviews, note that the U-shaped relationship is 
generally found, as the variable “reviews” shows negative and significant parameters and 
the variable “squared reviews” presents positive and significant parameters (Table 1), in 
line with Forman et al. (2008) and Park and Nicolau (2015).  
In order to detect potential asymmetries in the reviews, the rating variables are broken 
down into positive (4 and 5) and negative reviews (1 and 2). In all cases, the parameters 
for negative reviews are always higher than the parameters for positive reviews (Table 
2). In fact, all the equations present a significant and positive parameter for negative 
reviews while the parameters for positive reviews are either not significant or 
significantly negative. Thus, negative reviews are perceived to be more useful than 
positive reviews, in line with Chevelier and Mayzlin (2006) and Park and Nicolau (2015). 
When the star ratings themselves are used as independent variables to fathom out the 
genesis of the asymmetries (Table 3), it is found that the extreme positive review rating 
of 5 is more useful than the moderate rating of 4 for “general rating” and “sleep quality”. 
For the rating “value”, “rooms”, “cleanliness” and “service” there is no difference 
between positive reviews of 4 and 5. 
For negative reviews, the extreme rating of 1 is more useful than the moderate rating of 
2 in ratings for “value”, “rooms” and “services”; and less useful in ratings for “sleep 
quality” and “cleanliness”. Therefore, while negative reviews are always more useful than 
positive reviews (whether they are extreme or moderate), for negative reviews, the level 
of usefulness of extreme and moderate reviews is contingent upon the item being rated 
(which review, extreme or moderate, is higher or lower depends on the item assessed); 
for the positive reviews, however, extreme reviews are either more useful than moderate 
ones or equally useful (moderate reviews are never more useful than extreme ones). 
There is one exception to the generalizations of the previous results found for all the 
ratings considered, which is the “ratings for location”: not only does the negative review 
2 have a negative effect (Table 3), but the whole impact does not have a U-shaped effect 
(both the variable “reviews” and the variable “squared reviews” present non-significant 
parameters) (Table 1); in fact, negative reviews (1 and 2) do not have any significantly 
greater effect on usefulness than positive reviews (4 and 5) (Table 2). Considering that 
location is the only variable that is not fully manageable and controllable by the 
management team and that nowadays the client can see the location before consumption, 
the uncertainty for this item might be lower and its reviews tend not to be so determinant. 
As a result, this study first demonstrates convex relationships between online consumer 
ratings and perceived usefulness in hotels, not only in general but also for specific 
elements of the hotels. More importantly, delving into attribute levels such as ratings for 
value, location, sleep quality, rooms, and cleanliness, the relationships seem to be more 
dynamic. This finding provides future researchers with an important suggestion: given 
the numerous scholars currently studying and trying to understand the roles and/or effects 
of online consumer reviews in the tourism field, it is necessary to conduct sophisticated 
levels of analysis reflecting the impact of separate attributes of tourism products. This 
suggestion emphasizes a coherent argument of adaptive decision behaviors stating that 
information (or mental) processing is different depending on the task environment (or 
aspects of the products to be evaluated) (Payne, Bettman, & Johnson, 1993). Therefore, 
this paper sheds light on adaptive information acquisition behavior, concluding that 
online travelers use different heuristics to assess consumer reviews according to different 
hotel attributes that reflect different perceived importance of the elements of a choice 
alternative (Park & Fesenmaier, 2014).  
While this paper provides important implications, it cannot avoid some methodological 
limitations. Since this research focused mainly on upscale and luxury hotels, for future 
research would be relevant to extend the categories of hotels; this way generalizations 
could be pursued. Additionally, given that this application essentially analyzes numerical 
consumer ratings, future research should integrate textual review data that include 
comprehensive and detailed information about consumption experiences.  
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